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whether Archon’s improvements enhance deep reasoning,
problem-solving, and model calibration at the highest difficulty
level.

Expander effectiveness depends on benchmark: AlpacaEval’s length-controlled
scoring limited the impact of the Expander module, yet performed well on HLE due
to extended reasoning time.

2. Additional Tool Calls: External APIs and specialized databases

, , Open-source models rival closed-source performance: Planner and Tool Call
may further improve knowledge retrieval

brought open-source models to parity with closed-source models in instruction

AlpacaEval: an instruction-following benchmark designed to test
LLMs on real-world tasks. It evaluates models using automated

pairwise comparisons against top-performing LLM:s like GPT-4 3. Early Stopping: Investigate ways .to reduce inference cost:? by following and information retrieval tasks while maintaining efficiency.

and Claude 3.5. Unlike factual benchmarks, Alpacakval measures balancing number of LLM calls with overall response quality Web search significantly improves instruction-following: Tool Call pushed
response quality, clarity, and adherence to instructions. We useitto 4. Model Size: Investigate whether the planner, expander, and AlpacaEval scores beyond 0.7, outperforming all original ARCHON architectures.
ensure Archon’s inference-time optimizations improve usability tool-call modules can compensate for reduced model size (e.g. 7B)

Reasoning remains difficult: While we attempted to hill-climb on HLE, adding

and human alignment while maintaining accuracy. while maintaining competitive accuracy external tool call was insufficient, suggesting that reasoning is the main bottleneck.



